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Abstract
Recent technological advancements have facilitated alternative work arrangements. This
paper investigates how flextime and working from home (WfH) relate to workers’
well-being using longitudinal data drawn from the Understanding Society study for the
UK. It accounts for individual, job, and family characteristics while controlling for
individual fixed effects. Additionally, it employs the Oster test to examine the potential
influence of unobserved variables. Results show that men experience improved job
satisfaction and mental health with flextime arrangements, while women predominantly
benefit in terms of job satisfaction. Additionally, women adopting remote work report
heightened satisfaction with job and life, and better mental health, whereas men
primarily report greater job satisfaction. Interestingly, flextime effects are stronger for
men, while WfH is more beneficial for women. Some heterogeneous effects are also
found by parental status, age, and income groups.
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1. Introduction

Technological advancements have revolutionized work practices, enabling people to work
remotely. This shift has facilitated the adoption of flexible job arrangements, allowing
employees greater autonomy in determining their work schedules and locations.

The COVID-19 pandemic and associated social distancing measures have further
accelerated these changes in work structures, making remote work and flexible
scheduling predominant features of modern work environments. During the
COVID-19 pandemic, the proportion of the UK workforce predominantly working
from home (WfH) has increased from 5.1% in 2019 to 8.5% in 2020 (ONS, 2020).
European countries experienced even higher rates, rising from 5.4% in 2019 to 12%
in 2020, reaching 13.4% in 2021 (Eurostat, 2011). Since the most profound shift is in
how employers and employees feel about and value work, this shift appears to persist
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long after the conclusion of the pandemic. According to Barrero et al. (2021), American
employers plan to supply 20% of their employees’ workdays from home, four times the
pre-COVID level. Moreover, employees are willing to accept a substantial reduction in
wages to work from home 2 or 3 days per week. Similar patterns are observed in the UK,
as shown by Taneja and Bloom (2021), and in Austria, where Bamieh and Ziegler
(2022) report a marked increase in employers offering telecommuting options to new
hires compared to pre-COVID standards.

At the same time, there has been a parallel shift toward flexible scheduling. In 2019,
39% of employees had the autonomy to determine their workday start and end times
(Eurostat, 2019). Due to the COVID-19 pandemic, many employers have become
aware of their employees’ childcare needs, leading to the increasing implementation
of telecommuting and flexible schedule options.

Despite the growing prevalence of flexible work practices, little is known about their
impact on workers’ well-being. This paper aims to address this gap by examining the
effects of flextime and WfH on job satisfaction, life satisfaction, leisure satisfaction,
and mental health, using data for the UK in the pre-pandemic period from 2010 to
2019. I compare employees working from home and those with flexible office
schedules to those without any flexibility.

Results underscore the differential impact of flextime and WfH, with gender playing
a significant role. For women, flextime only positively affects job satisfaction, while men
experience benefits in terms of both job satisfaction and mental health. On the other
hand, WfH leads to increased job satisfaction and better mental health for both
women and men, with women also reporting greater life satisfaction.

This paper makes several contributions to the existing literature. First, unlike most
previous studies (e.g., Angelici and Profeta, 2024), this work takes advantage of a
large-scale, nationally representative household sample that is followed over a long
period. Thanks to these rich data, I estimate the impact of flexible working on a
comprehensible measure of well-being, complementing earlier studies (such as
Wheatley, 2017) which focus on a more limited aspect of well-being.

Second, confounding factors behind the link between flexible working and
well-being are addressed in two ways. On the one hand, I exploit the panel nature of
the data to account for unobserved time-invariant individual characteristics such as
ability and working attitudes. Moreover, using the fixed-effects ordered logit model, I
preserve the outcomes’ categorical scale, avoiding the common reduction to a binary
scale that results in a significant loss of observations (see section 4). On the other
hand, the Oster test further confirms the robustness of findings to a potential
omitted variable bias, partially addressing concerns existing in many previous
cross-sectional studies (Hill et al., 2008; Weeden, 2005) that tend to overlook the
selective nature of flexible workers within firms.

As a third contribution, the paper demonstrates the robustness of findings even
when excluding employees who drop out of flexible working. Indeed, the existing
literature often fails to consider that the decision to terminate such arrangements is
likely to be driven by firm and individual factors. Finally, this paper shows how the
effect of flexible working and well-being differs by gender and parental status,
building on previous research attributing the remaining gender wage gap to schedule
constraints (Goldin, 2014) and emphasizing flexible working as a means to balance
family and career (Angelici and Profeta, 2024). Findings are also differentiated by age
group and income, as the impact of flexible working may vary with technological
knowledge and economic opportunities.
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In conclusion, the results of this paper may provide helpful suggestions to
policymakers in deciding whether to continue incentivizing flexible work
arrangements and in targeting them efficiently.

The rest of the paper is organized as follows. Section 2 briefly reviews the existing
literature on flexible working and workers’ well-being. Section 3 describes the data.
Section 4 outlines the empirical strategy used. Section 5 presents the results and
robustness checks, and section 6 discusses the results and concludes.

2. Flexible working outcomes – a review of existing evidence

The role of employment in shaping individuals’ well-being has been extensively
acknowledged (e.g., Bassanini and Caroli, 2015). This study assesses the effects of
two distinct flexible work arrangements, flextime and WfH, on four indicators of
well-being: job satisfaction, life satisfaction, leisure satisfaction, and mental health.
Flextime involves employees’ autonomy in selecting their workday’s start and end
times, while WfH, often known as telecommuting or remote work, empowers
workers to determine their work location. For brevity, I will use the expression
flexible working when referring to both of these flexible work arrangements.

The concept of flexible working has acquired attention for its potential to alleviate
scheduling constraints, consequently enhancing the equilibrium between work and
personal life. Moreover, the adoption of remote work reduces commuting time and
expenses, potentially leading to enhancements in worker well-being. On the other
hand, the introduction of flexible working, particularly the practice of WfH, may
introduce new dynamics such as domestic conflicts and increased stress, which
could impact overall well-being (Dockery and Bawa, 2014). Additionally, flexible
workers may face difficulties signaling their effort and commitment to their
employer, potentially limiting their career progression (Putnam et al., 2014).

Some empirical studies shed light on the relationship between flexible working
and well-being. In particular, a randomized experiment conducted on an Italian
sample (Angelici and Profeta, 2024) shows that a fully flexible working arrangement,
which gives employees flexibility in their choice of workplace and schedule, improves
workers’ well-being and work–life balance. Another randomized experiment involving
some Chinese call center employees (Bloom et al., 2015) finds that WfH increases job
and life satisfaction. A more recent randomized control trial of a US-based firm
(Bloom et al., 2022) further supports these findings by revealing increased job
satisfaction. However, since these studies primarily concentrate on relatively small
samples of workers within the same workplace, the external validity of their findings is
limited.

Larger longitudinal surveys have also been employed to investigate the
implications of flexible working, particularly focusing on job satisfaction. Overall,
they find positive effects of WfH on job satisfaction, although some differences
exist based on gender and parental status. Conversely, the empirical evidence
concerning the effects of flexible scheduling on job satisfaction remains less
conclusive. Arntz et al. (2022) find positive impacts of WfH on job satisfaction,
albeit statistically significant only for employees without children. This suggests
that increased flexibility offers benefits but also introduces challenges, such as
greater conflicts between work and personal life. Furthermore, using Italian survey
data Esposito et al. (2024) have recently found that WfH increases job satisfaction
only for women with specific personality traits.
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Drawing upon data from the British Household Panel Survey and Understanding
Society, Wheatley (2017) investigates the effects of flexible working arrangements.
Through analysis of covariance testing and a change-score analysis, the study
suggests a positive effect of homeworking on job satisfaction, especially for women.
Conversely, the influence of homeworking on leisure satisfaction seems to benefit
men exclusively. Furthermore, flexible scheduling emerges as a dual-edged sword:
positively enhancing job satisfaction among men while yielding adverse effects for
women. Differently, my empirical model addresses time-invariant unobserved
heterogeneity among workers, examines potential omitted variable bias performing
the Oster test, and extends the analysis to include mental health. Furthermore, I
describe how the relationship between flexible working and well-being differ across
demographic groups, such as parental status, age group, and income, offering a more
comprehensive understanding. My findings confirm that remote work positively
impacts job satisfaction, particularly for women, and that flexible schedules increase
men’s job satisfaction. However, I do not find a significant increase in leisure
satisfaction for men WfH. Additionally, my results show that women with flexible
schedules also report higher job satisfaction.

Flexible working also influences time allocation decisions, with teleworkers dedicating
more time to non-market work and leisure during workdays compared to their
commuting counterparts. This allocation strategy leads to greater job satisfaction among
men but not women (Giménez-Nadal et al., 2020). Possenriede and Plantenga (2014)
find that WfH and flexible schedules positively correlate with job satisfaction. The latter
also increases work–life balance (see also Bender et al., 2005), unlike the former.

The influence of flexible working extends beyond job satisfaction to mental health. A
study of working adults in the USA shows a correlation between higher levels of
time-flexible work policies and fewer reported stress symptoms (Halpern, 2005).
However, previous research also recognizes potential adverse consequences of flexible
working. For instance, WfH may lead to feelings of isolation and lack of support
(Tavares, 2017), and unclear boundaries between work and non-work spheres, which
may impact work–life balance ambiguously (Bellmann and Hübler, 2021). Additionally,
home-based work may increase work–family conflict and job stress (Eddleston and
Mulki, 2017). In particular, studies conducted during the COVID-19 pandemic suggest
a negative impact of full-time WfH on workers’ mental health (Gueguen and Senik,
2023; Bertoni et al., 2021), although it is crucial to consider the exceptional
circumstances of the pandemic-induced remote work. Developing a novel distinction,
Yang et al. (2023) find that WfH during regular hours is associated with better
well-being and higher job satisfaction but heightened work–family conflicts. In contrast,
WfH outside regular hours diminishes well-being and exacerbates work–family conflicts.

3. Data

This study relies on high-quality data from the Understanding Society study, also
known as the United Kingdom Household Longitudinal Study, conducted by the
Institute for Social and Economic Research, at the University of Essex. It is a
nationally representative household panel study1 started in 2009 with 40,000
households, for a total of about 100,000 individual interviews.

1The analyses are weighted using a longitudinal weight suggested and provided by Understanding
Society that corrects for non-response and attrition over the years.

592 Margherita Agnoletto

use, available at https://www.cambridge.org/core/terms. https://doi.org/10.1017/dem.2024.16
Downloaded from https://www.cambridge.org/core. IP address: 3.149.24.177, on 12 Mar 2025 at 03:12:16, subject to the Cambridge Core terms of

https://www.cambridge.org/core/terms
https://doi.org/10.1017/dem.2024.16
https://www.cambridge.org/core


The survey, conducted annually, provides information on various aspects of
individuals’ lives. Since the COVID-19 pandemic has affected many aspects of life
and work differently, only observations collected before 2020 are considered. For this
study, waves 2, 4, 6, 8, and 10, covering 2010–2019, are selected. These waves
specifically include data regarding time and location flexibility in work arrangements,
making the Understanding Society dataset unique as one of the few reporting this
information.

Sample selection is conducted meticulously to ensure the robustness of the analysis.
The study includes individuals who are not self-employed, not in education or training,
and fall within the age range of 20–66, as this most represents active participants in the
labor market. Additionally, employees WfH without the option to arrange their
working time are excluded since it is a relatively infrequent practice.2 These
restrictions yield an unbalanced panel of about 30,000 observations from over 6,000
individuals.

The analysis examines flextime and WfH’s effects on individual well-being.
Individuals are categorized into three distinct groups: those lacking any flexibility,
those working in an office setting with the ability to manage their working hours,
and those engaged in regular home-based work with the flexibility to manage their
working hours.

Dependent variables are job satisfaction, life satisfaction, leisure satisfaction, and
mental health, each treated as distinct ordinal dependent variables.3 Job, life, and
leisure satisfaction are evaluated through employee-rated scores ranging from 1
(completely dissatisfied) to 7 (completely satisfied). Mental health is assessed using
the General Health Questionnaire (GHQ), which contains 12 questions covering
feelings of strain, depression, inability to cope, anxiety-based insomnia, and lack of
confidence (see Goldberg and Williams, 1988). Responses are graded on a four-point
scale indicating the frequency or intensity over the last few weeks. The GHQ Likert
score, running from 0 (the least distressed) to 36 (the most distressed), is derived
from the summed and recalibrated scores. For ease of interpretation, the GHQ scale
is reversed, meaning that a higher mental health index corresponds to lower levels of
distress in the individual.

This analysis exploits the extensive information available in the Understanding
Society survey, and the choice of regressors follows previous literature. All
specifications include controls for individual characteristics such as age, education,
health status, and marital status, job-related characteristics such as working hours,
labor income, and occupation class, and family attributes such as having children by
age group, region of residence, and living in a city. Table A1 lists all the explanatory
variables.

As the determinants of subjective well-being may differ by gender (Fugl-Meyer et al.,
2002) and, women and men often value job and workplace characteristics differently

2Employees WfH without the ability to arrange their working time are 90 female observations and 59
male observations. My results remain robust if those individuals are included in the WfH group.

3Recently, Bond and Lang (2019) have raised concerns about the use of ordinal measures. They argue
that, when assessing subjective well-being (SWB) on an ordinal scale, the average ranking of observed
SWB among different groups can be unexpectedly inverted through specific monotonic increasing
transformations applied to the SWB data. However, this issue becomes less likely as the number of
response categories increases. This is one reason why I opt to retain the 7-point satisfaction rating and
the 36-point mental health scale. Additionally, my results are also robust to using a linear model rather
than an ordered logit model as recommended by Bond and Lang (2019) (see Table A5).
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(Sloane and Williams, 2000; Bender et al., 2005), the analysis is performed separately for
females and males.

Table 1 presents summary statistics by gender and flexible working status. The
female sub-sample comprises approximately 56% who enjoy a flexible schedule, while
only 5% of them regularly work from home. In contrast, the male sub-sample
consists of about 48% employees with flexible schedules and 8% employees working
from home.

Employees who work from home or have flexible schedules are typically
characterized by higher educational attainment, increased earnings, and longer
commuting times compared to on-site employees without flexible schedules.
Moreover, flexible working is more common in large firms and highly skilled
occupations. Regarding family characteristics, flexible workers are more likely to be
married and have children.

The Pearson correlation matrix (Table A2) provides valuable information on the
relationships among outcomes. Overall, correlations between outcomes are modest,
with most falling below 50%. However, life and leisure satisfaction display stronger
correlations, reaching 55% for females and 53% for males. Additionally, Table A2
examines the correlation between control variables and outcomes, which helps
understand how each control variable is related to the outcomes of interest. Finally,
Table A2 also reports that none of the included control variables have high
correlations with other control variables, reducing concerns about multicollinearity
affecting my results.

4. Empirical strategy

To study the effect of flexible working on workers’ well-being, I estimate an ordered
logit model, in which I introduce individual fixed effects to control for unobservable
time-invariant differences between individuals.

To introduce fixed effects, other studies often reduce a categorical satisfaction scale
to a binary scale following Chamberlain (1980)’s method. However, this estimation
strategy comes at the expense of losing many observations since only individuals
moving across the cut-off point can be used in the analysis. This large loss may also
increase measurement errors. A different common approach is to dichotomize every
individual separately by choosing individual-specific cut-off points (Ferrer-i
Carbonell and Frijters, 2004). However, Baetschmann et al. (2015) show that
individual-specific dichotomized estimators are biased in finite samples. Another
common practice in the literature is to use the ordinary least squares (OLS)
estimator, although it assumes the cardinality of dependent variables. A major
advantage of this assumption is the ability to easily apply a fixed-effects estimator.
Nevertheless, cardinality assumptions are quite strong. For example, for a job
satisfaction question measured on a scale of 1–7, the cardinality assumption implies
that the relative difference between responses at 1 and 2 is the same as the relative
difference between responses at 4 and 5. In contrast, ordinality assumptions
supporting the ordered logit estimator accept that the relative difference between the
answers at different points of the scale is unknown.

For these reasons, I follow the empirical strategy of Baetschmann et al. (2015), who
implement the so-called blow-up and cluster (BUC) estimator. This estimator is a
consistent (though not the most efficient) estimator, in contrast to the estimator
proposed by Ferrer-i Carbonell and Frijters (2004). Further, the BUC estimator
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Table 1. Summary statistics by flexible working status and gender

Females Males

No flexibility Flextime at office WfH No flexibility Flextime at office WfH

Panel A: Outcome variables

Job satisfaction 5.20 (1.49) 5.42 (1.33) 5.52 (1.29) 5.08 (1.45) 5.29 (1.33) 5.32 (1.25)

Life satisfaction 5.09 (1.40) 5.23 (1.34) 5.34 (1.22) 5.08 (1.37) 5.26 (1.31) 5.37 (1.14)

Leisure satisfaction 4.38 (1.53) 4.54 (1.52) 4.41 (1.50) 4.36 (1.54) 4.55 (1.50) 4.47 (1.50)

Mental health 24.41 (5.40) 24.87 (5.29) 24.92 (4.86) 25.58 (4.86) 25.83 (4.65) 25.73 (4.62)

Panel B: Control variables

Age 42.74 (12.47) 41.98 (12.18) 43.01 (9.75) 43.10 (12.21) 41.42 (12.26) 43.95 (10.23)

Degree 0.30 (0.46) 0.32 (0.47) 0.60 (0.49) 0.25 (0.43) 0.39 (0.49) 0.63 (0.48)

Other higher qual. 0.15 (0.36) 0.15 (0.36) 0.13 (0.34) 0.10 (0.30) 0.12 (0.33) 0.11 (0.31)

A level 0.20 (0.40) 0.23 (0.42) 0.14 (0.35) 0.25 (0.43) 0.23 (0.42) 0.14 (0.35)

GSCE 0.22 (0.41) 0.21 (0.41) 0.10 (0.30) 0.25 (0.43) 0.18 (0.38) 0.11 (0.31)

Other lower qual. 0.08 (0.27) 0.06 (0.24) 0.02 (0.14) 0.10 (0.30) 0.05 (0.22) 0.01 (0.10)

No qual. 0.05 (0.21) 0.03 (0.17) 0.00 (0.05) 0.05 (0.21) 0.02 (0.14) 0.00 (0.03)

Self health (1–5) 3.53 (0.94) 3.61 (0.93) 3.73 (0.91) 3.56 (0.92) 3.68 (0.91) 3.78 (0.90)

Physical health (1–5) 4.51 (0.86) 4.55 (0.82) 4.60 (0.79) 4.58 (0.81) 4.66 (0.73) 4.73 (0.64)

Married 0.50 (0.50) 0.52 (0.50) 0.63 (0.48) 0.55 (0.50) 0.56 (0.50) 0.73 (0.44)

White 0.94 (0.25) 0.93 (0.26) 0.94 (0.24) 0.93 (0.26) 0.92 (0.27) 0.94 (0.25)

Black 0.03 (0.16) 0.03 (0.17) 0.02 (0.13) 0.01 (0.11) 0.01 (0.12) 0.01 (0.08)
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Table 1. (Continued.)

Females Males

No flexibility Flextime at office WfH No flexibility Flextime at office WfH

Asian 0.03 (0.18) 0.04 (0.20) 0.03 (0.18) 0.06 (0.23) 0.06 (0.23) 0.05 (0.21)

Other ethnicity 0.01 (0.09) 0.00 (0.07) 0.01 (0.10) 0.00 (0.06) 0.01 (0.08) 0.01 (0.10)

Working hours 29.80 (10.78) 29.17 (9.91) 31.74 (10.46) 38.79 (8.66) 36.43 (7.61) 37.82 (5.82)

Private contract 0.52 (0.50) 0.55 (0.50) 0.53 (0.50) 0.80 (0.40) 0.67 (0.47) 0.70 (0.46)

Union at workplace 0.55 (0.50) 0.55 (0.50) 0.47 (0.50) 0.43 (0.49) 0.51 (0.50) 0.39 (0.49)

Permanent contract 0.94 (0.24) 0.94 (0.23) 0.93 (0.26) 0.95 (0.22) 0.95 (0.21) 0.96 (0.19)

Commuting time 21.91 (17.90) 23.67 (18.69) 38.15 (29.68) 26.54 (26.45) 29.39 (22.71) 44.42 (35.41)

Firm size (1–9) 4.82 (2.22) 5.08 (2.41) 5.48 (2.97) 4.96 (2.27) 5.55 (2.40) 5.84 (2.74)

Occ. class (1–5) 2.94 (1.82) 2.47 (1.70) 1.37 (0.85) 3.10 (1.79) 2.27 (1.65) 1.19 (0.64)

Labor income 1211.28 (659.54) 1281.38 (741.96) 2001.40 (1111.99) 1735.51 (868.84) 1881.67 (971.38) 2680.15 (1129.11)

Same employer 0.83 (0.38) 0.84 (0.37) 0.86 (0.35) 0.84 (0.36) 0.87 (0.34) 0.88 (0.32)

Urban region 0.78 (0.41) 0.78 (0.42) 0.75 (0.44) 0.78 (0.42) 0.80 (0.40) 0.78 (0.41)

Child 0–2 0.08 (0.27) 0.08 (0.28) 0.13 (0.34) 0.09 (0.29) 0.11 (0.31) 0.14 (0.34)

Child 3–4 0.05 (0.21) 0.06 (0.24) 0.07 (0.26) 0.05 (0.22) 0.05 (0.23) 0.07 (0.25)

Child 5–10 0.12 (0.32) 0.14 (0.35) 0.19 (0.39) 0.12 (0.32) 0.12 (0.33) 0.18 (0.38)

Child 11–15 0.10 (0.31) 0.10 (0.31) 0.09 (0.29) 0.09 (0.28) 0.09 (0.28) 0.11 (0.31)

Observations 6,684 38.5% 9,770 56.2% 927 5.3% 5,647 44.7% 6,023 47.7% 956 7.6%

Notes: Mean and standard deviation (in parentheses).
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performs well in small samples and can be a useful alternative for applied work
with many regressors (Baetschmann et al., 2015). The approach has been used in,
e.g., Geishecker et al. (2012) and Possenriede and Plantenga (2014). Every
individual’s observations are replaced by K− 1 copies of itself, and then, each copy is
dichotomized at a different cutoff point. Finally, the entire inflated sample is used to
estimate the coefficient by applying the conditional maximum likelihood estimator.
Because an individual’s copies of observation are not independent of each other,
standard errors are clustered at the individual level.

The empirical model relates the score of the dependent variables ( job satisfaction,
life satisfaction, leisure satisfaction, and mental health) to flextime and working from
home through an ordered logit specification:

S∗it = b1Flextimeit + b2Wf Hit + X
′
itb3 + ai + vt + eit , i = 1, . . . , N (1)

where S∗it is the latent level of well-being for individual i at time t, Flextimeit is equal to 1
if the individual is an on-site worker with flexible schedules and 0 otherwise, WfHit is
equal to 1 if the individual works from home with flexible schedules and 0 otherwise,
the vector Xit includes demographic, job, and family characteristics, αi represents
individual fixed effects, ωt refers to year fixed effects, and eit is an error term.

The non-linear function τ ties the latent variable S∗it to the observed ordered variable
Sit through the thresholds τik:

Sit = k if tik < S∗it ≤ tik+1 k = 1, . . . , K (2)

To interpret the magnitude of the results, I estimate odds, which refers to the ratio
between the probability of a certain event and the complementary probability
(Baetschmann et al., 2020). In the ordered logit, the odds of individual i in period t
having Sit above category k relative to below or equal to k is

Odds ratio(k, Dxit) ;
Pr(Sit > k|xitl)
Pr(Sit ≤ k|xit) = exp (x′itb− tit) (3)

The change in the odds, if the variable of interest l is modified (i.e., if the individual
benefits from flexibility in time or place), depends on β and the variable’s shift as follows:

Odds ratio(k, Dxitl) ;
Odds(k, xit + Dxitl)

Odds(k, xit)
= exp (Dx′itlb) (4)

Therefore, having flexibility at work changes the odds by exactly {exp (βl)− 1} × 100%.
In the analysis, the estimated coefficient on flexible working reflects the experience of

individuals who change the working category over the years of the panel survey.
Table A3 shows the transition matrix estimating the probability of changing flexible
work status, relating the status at wave t to that at wave t + 1. The most common
outcome is immobility from one wave to the next, as shown in the diagonal cells.
However, there is a degree of mobility evident in the remaining cells and this
variability is exploited in the fixed-effects specification.

The individual fixed effects control for both observable and unobservable
time-invariant heterogeneity among individuals which may influence well-being
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outcomes and the likelihood of being a flexible worker, such as personality type, family
values, gender, ethnicity, ability, and individual background. The year fixed effects
account for time-varying but individual-constant unobserved characteristics such as
social and cultural trends. However, endogeneity concerns arise from changes in
time-varying but not individual-constant factors that affect, at the same time, the
availability and use of flexible work arrangements and individual well-being. To
attenuate this source of bias, several time-varying factors are controlled for, including
education, marital status, parental status, health condition, area of residence, and job
changes. Indeed, education not only impacts income but also shapes expectations
regarding job and overall life satisfaction; hence, the net effect of education on happiness
is shown by the difference between the increase in expectations and the one in income
(Clark, 2016). Marital status exhibits mixed effects on well-being, with research
indicating both negative and positive associations with job satisfaction (Gazioglu and
Tansel, 2003; Clark et al., 1996). On the other hand, life satisfaction and mental health
have been shown to be positively correlated with being married (Deklyen et al., 2006;
Brown, 2000). Moreover, parental responsibilities may influence the propensity for
seeking flexible work arrangements and simultaneously impact well-being (Booth and
Van Ours, 2009). Similarly, changes in health conditions may influence well-being and
the likelihood of engaging in flexible working. For instance, flexible jobs may
accommodate individuals facing temporary health challenges, easing their work-related
burdens. In addition, moving to the countryside may be associated with an increase in
the likelihood of flexible working because of a greater commuting time given that the
labor market is mainly centered in the urban area. At the same time, moving from rural
to urban areas, or vice versa, may influence well-being differently across individuals
depending on which life aspects they value more. Furthermore, past literature shows that
public employees differ from private ones suggesting distinct satisfaction premiums
associated with non-pecuniary job aspects (Ghinetti, 2007). Not surprisingly, changing
the job may affect job satisfaction and the probability of flexible working. Chadi and
Hetschko (2021) find initial increases in life satisfaction followed by diminishing returns
over time. Table A4 shows how the transition in independent variables correlates with
changes in relevant observable characteristics. This analysis helps to identify the main
factors driving the transition process, emphasizing the importance of accounting for
these observable characteristics in subsequent analyses. For instance, transitioning to
flexible work arrangements shows a positive correlation with longer working hours and
employment in the private sector, and a negative correlation with union presence or
tenure with the same employer, irrespective of gender.

Finally, I perform the Oster test, which extends the method proposed by Altonji et al.
(2005), to evaluate the robustness of the results to a potential omitted variable bias. This
method calculates the level of selection on unobserved variables, proportionally to the
level of selection on observed variables, required to drive the treatment effect to zero.
The assumption behind the estimation of the level of selection, denoted by the
parameter δ, is a value for the R-max defined as the R-squared from a hypothetical
regression of the outcome on the treatment and both observed and unobserved
controls. Following Oster (2019), I set the R-max equal to 1.3 times the R-squared
from a regression of the outcome on the treatment and observed control variables.4

4Following Hener et al. (2016), my results are found to be robust to an R-max equal to 2.2 times the
R-squared from a regression of the outcome on the treatment and observed control variables. Results
will be provided on request.
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Since the Oster test is appropriate only for a linear model, I perform it by exploiting a
linear regression model with fixed effects. Although the linear model can produce
biased estimates, which is why I have previously chosen an ordered logit model with
fixed effects, it is suitable for the Oster test. Indeed, the OLS and ordered logit
models exhibit similar statistical significance for the included covariates (Riedl and
Geishecker, 2014; Ferrer-i and Carbonell Frijters, 2004).

5. Results

5.1. Flextime, WfH, and well-being

In the current study, I examine four measures of individual well-being: job, life, and leisure
satisfaction, and mental health. Table A5 shows the linear fixed effects (FE) and BUC
estimates of flexible working schedules and WfH on these outcomes. Results are
qualitatively the same for both the linear FE and BUC estimators. Given that the
magnitude of the linear FE estimates may be biased, as previously detailed in section 4,
I focus the discussion of the results solely on the BUC estimates. Figure 1 displays the
odds ratios of flextime at the office and WfH, along with the corresponding confidence
intervals.5

Flextime reveals a positive association between flextime and job satisfaction,
indicating that the ability to determine the start- and end-times of work increases
the probability of being satisfied with job overall. More specifically, having flexible
schedules increases the odds ratio by about 42%6 for women and 44% for men. By
contrast, the effect is null on life and leisure satisfaction except for a marginal effect
on male life satisfaction (16% at the 10% significant level). In terms of mental
health, flextime leads to a 10% increase in the odds ratio for women, although not
statistically significant at conventional levels, and a 28% increase for men.

Men appear to derive greater benefits from flextime compared to women, potentially
attributed to men using the flexibility in their work hours to relax or pursue hobbies,
while women may prioritize balancing work and domestic responsibilities, as
suggested by Dentinger and Clarkberg (2002).

Conversely, the relationship between WfH and workers’ well-being is stronger for
women than for men. WfH for women increases the odds ratio by 95% for job
satisfaction, 50% for life satisfaction, 26% for leisure satisfaction (albeit significant at
10% level), and 34% for mental health. While still positive, the association between
home-based work and male workers’ well-being is weaker. WfH leads to a 50%
increase in job satisfaction and a 30% increase in mental health for men (significant
at 10% level), but no significant effects on life and leisure satisfaction. These findings
corroborate previous literature, emphasizing the positive impact of WfH, particularly
for women (Arntz et al., 2022).

5.2. Oster test

Results from the Oster test are shown in Table A5, which displays the δ values
associated with fixed-effect OLS models illustrating the relationship between flextime
at the office, WfH, and various well-being aspects such as job satisfaction, life
satisfaction, leisure satisfaction, and mental health. These models are evaluated

5Table A6 sequentially shows the inclusion of individual fixed effects, year fixed effect, demographic
controls, job controls, and family controls.

6I.e., ( exp (b1)− 1)× 100% = (1.416− 1)× 100% ≈ 42%.
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separately for the female and male subsamples. The δ statistic measures the extent to
which the remaining characteristics of individuals that remain unobservable (i.e., the
unobservable determinants of employees’ well-being) should be correlated with
flexible working status to reduce the β coefficient to zero.

For instance, in column 1 of Table A5, the δ for β1 in the female sample amounts to
approximately 34. This means that to conclude that there is no difference in well-being
between flextime and non-flexible workers, the unobservable characteristics would have
to be about 34 times more correlated with flextime status than the observed
characteristics. Such a high correlation is arguably implausible. In general, all δ
estimates are very high and always greater than 1 (in absolute value).7 This indicates,
according to Oster (2019), that the findings remain robust to a substantial degree of
selection on unobservables, and, thus, the Oster test confirms the credibility of my
estimates. A negative δ indicates that if the observables are positively correlated with
the treatment, the unobservables must be negatively correlated with the treatment to
nullify the effect (β = 0).

5.3. Additional analyses

In this section, I examine the robustness of my main findings regarding flexible
schedules and WfH by including additional covariates and focusing on particular
groups of individuals (Table 2).

First, the inclusion of region-by-year fixed effects takes into account unobserved
regional trends that might reflect regional policies or labor market conditions. Since
the results do not change (Table 2, panel A), these trends do not drive my estimates.

Figure 1. Effect of flextime at the office and WfH on well-being by gender.
Notes: Odds ratios based on equation (4) by gender, with females indicated by red squares and males by blue
circles. All equations include year fixed effects, demographic controls, job controls, and family controls.

7Oster (2019) interprets a limit of 1 for the sensitivity parameter δ as equal selection on observed and
unobserved variables.
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Table 2. Robustness checks for flextime and WfH: BUC estimates

Females Males

Job sat. Life sat. Leisure sat. Mental health Job sat. Life sat. Leisure sat. Mental health

(1) (2) (3) (4) (5) (6) (7) (8)

Panel A: State-by-year fixed effects

Flextime at office 1.422*** 1.028 1.093 1.100 1.435*** 1.171** 1.122* 1.269***

(0.0987) (0.0693) (0.0686) (0.0698) (0.110) (0.0928) (0.0769) (0.101)

WfH 1.975*** 1.506** 1.267* 1.345** 1.503*** 1.110 0.921 1.245

(0.309) (0.259) (0.175) (0.178) (0.215) (0.169) (0.120) (0.185)

Observation 12,960 11,735 13,517 14,588 9,582 8,438 9,973 10,530

Panel B: Employees excluding changes of employers and position within firm

Flextime at office 1.340*** 1.013 1.012 1.067 1.432*** 1.127 1.067 1.184*

(0.0950) (0.0725) (0.0666) (0.0733) (0.124) (0.0965) (0.0782) (0.105)

WfH 1.591*** 1.294 1.244 1.069 1.411** 1.062 1.073 1.263

(0.241) (0.214) (0.170) (0.145) (0.206) (0.178) (0.151) (0.191)

Observations 10,934 9,899 11,441 12,543 8,287 7,325 8,646 9,333

Panel C: Employees excluding those dropping out flexible working

Flextime at office 1.416*** 1.026 1.097 1.095 1.437*** 1.155* 1.110 1.277***

(0.0978) (0.0689) (0.0688) (0.0697) (0.111) (0.0939) (0.0770) (0.101)

WfH 1.949*** 1.495** 1.260* 1.336** 1.499*** 1.106 0.927 1.277*

(0.304) (0.255) (0.174) (0.177) (0.213) (0.169) (0.122) (0.189)

(Continued )
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Table 2. (Continued.)

Females Males

Job sat. Life sat. Leisure sat. Mental health Job sat. Life sat. Leisure sat. Mental health

(1) (2) (3) (4) (5) (6) (7) (8)

Observations 12,960 11,735 13,517 14,588 9,582 8,438 9,973 10,530

Panel D: Adding partner’s characteristics

Flextime at office 1.698*** 1.011 1.089 1.174* 1.474*** 1.187* 1.128 1.348***

(0.165) (0.0962) (0.0892) (0.103) (0.148) (0.122) (0.100) (0.121)

WfH 2.260*** 1.567** 1.089 1.203 1.866*** 1.161 0.883 1.639***

(0.437) (0.340) (0.195) (0.216) (0.338) (0.233) (0.144) (0.288)

Partner flextime 1.126 1.063 1.030 0.945 1.009 1.045 0.954 0.908

(0.101) (0.102) (0.0873) (0.0798) (0.0936) (0.106) (0.0828) (0.0885)

Partner WfH 1.268 1.122 1.284 0.957 0.954 1.153 0.920 0.932

(0.214) (0.191) (0.197) (0.153) (0.183) (0.269) (0.163) (0.164)

Partner employed 0.538 1.537 1.337 1.191 1.212 0.852 0.806 0.733

(0.270) (0.639) (0.567) (0.376) (0.488) (0.280) (0.269) (0.231)

Observations 6,326 5,427 6,559 7,178 5,436 4,587 5,633 6,085

Panel E: Balance panel

Flextime at office 1.371*** 1.085 1.093 1.123 1.519*** 1.116 1.009 1.345***

(0.113) (0.0884) (0.0849) (0.0906) (0.134) (0.107) (0.0816) (0.125)

WfH 2.388*** 1.464* 1.387* 1.125 1.598*** 1.077 0.795 1.479**

(0.468) (0.326) (0.234) (0.179) (0.266) (0.193) (0.124) (0.261)
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Observations 8,448 7,737 8,815 9,216 6,778 6,034 7,044 7,302

Panel F: Month of interview fixed effects

Flextime at office 1.419*** 1.032 1.098 1.092 1.434*** 1.165* 1.108 1.282***

(0.0977) (0.0691) (0.0688) (0.0697) (0.111) (0.0949) (0.0770) (0.102)

WfH 1.939*** 1.512** 1.253 1.328** 1.505*** 1.103 0.928 1.269

(0.302) (0.259) (0.173) (0.175) (0.215) (0.168) (0.123) (0.189)

Observations 12,959 11,732 13,517 14,587 9,582 8,438 9,973 10,530

Notes: Further control variables included are as in Fig. 1. Standard errors clustered at the individual level in parentheses.
*** p < 0.01, ** p < 0.05, *p < 0.1.
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The transition to a new employer or a different job role within the firm may lead to
simultaneous changes in well-being and flexible working status. Despite already
controlling for changes in employers in the main specification, estimates may be
driven by such career transitions. To address this concern, I replicate the analysis
focusing only on employees who remain in the same position and the same
employer (Table 2, panel B). The positive effect of WfH decreases for women,
especially on mental health, and remains significant only on job satisfaction. When
replicating the analysis for employees remaining with the same employer but
potentially altering job positions (with results available upon request), the estimates
remain significant and consistent with the main findings. The implication is that the
simultaneous change of job position and WfH status explains a significant portion of
the increased well-being for female employees, especially in terms of mental health.
On the contrary, outcomes for male employees exhibit greater stability throughout
these analyses.

Moreover, the decision to initially embrace flexible working is more likely to be
driven by factors exogenous to the firm and the individual, whereas the decision to
terminate such arrangements is more likely to be driven by firm and individual
factors. These factors could refer to aspects such as the quality of the work
arrangement or changes in childcare obligations, some of which may not always be
observable. Hence, I exclude from the analysis workers who drop out from flexible
working, and findings (Table 2, panel C) remain stable to the baseline model.

In addition, the impact of flexible working arrangements may be influenced by an
individual’s partner’s employment status and flexible work arrangements. To address
this potential influence, I include three variables in the estimation model to capture
this information: partner flextime, partner WfH, and partner employment status. The
main estimates are barely affected when controlling for these partner’s characteristics
(Table 2, panel D).

Although all analyses are weighted using longitudinal weights to correct for
non-response and potential attrition throughout the waves, I conduct a robustness
check with a balanced panel (Table 2, panel E). The relationship between flexible
working and well-being remains largely unaffected.

While year fixed effects in the main specifications control for trends over time,
seasonal trends may introduce bias into results (Banks Xu, 2020). Therefore, I
conducted an additional robustness check by including months of interview fixed
effects (Table 2, panel F) to address the possibility that transitions to flexible working
may be more common during certain periods, such as holidays, to facilitate childcare
arrangements. Yet, the estimates for flextime and WfH remain robust.

5.4. Heterogeneous effects

Table 3 explores the heterogeneity of the main results across some groups. First, I
examine the heterogeneity between workers with and without young children in the
household (see Fig. A1 for women and Fig. A2 for men). Female flexible workers
with young children report lower well-being than their counterparts with older
children or childless. However, this difference is statistically significant only regarding
life satisfaction. This heterogeneous analysis may confirm that childcare
responsibilities translate into a professional disadvantage for workers with children.
Although the adoption of flexible working arrangements may help to reconcile work
and childcare responsibilities, providing parents with advantages similar to those

604 Margherita Agnoletto

use, available at https://www.cambridge.org/core/terms. https://doi.org/10.1017/dem.2024.16
Downloaded from https://www.cambridge.org/core. IP address: 3.149.24.177, on 12 Mar 2025 at 03:12:16, subject to the Cambridge Core terms of

https://www.cambridge.org/core/terms
https://doi.org/10.1017/dem.2024.16
https://www.cambridge.org/core


Table 3. Flextime at the office, WfH, and well-being across individuals with or without young children, by age groups and income levels

Females Males

Job sat. Life sat. Leisure sat. Mental health Job sat. Life sat. Leisure sat. Mental health

(1) (2) (3) (4) (5) (6) (7) (8)

Panel A: With or without young children (i.e., younger than 10 years old)

Flextime at office 1.393*** 1.098 1.160** 1.039 1.280*** 1.107 1.125 1.177*

(0.102) (0.0814) (0.0828) (0.0716) (0.117) (0.107) (0.0943) (0.111)

Flextime × Child ≤10 1.078 0.772* 0.823 1.203 1.471** 1.144 0.957 1.302

(0.172) (0.106) (0.109) (0.163) (0.223) (0.179) (0.129) (0.210)

WfH 2.090*** 1.941*** 1.282 1.464** 1.159 1.039 0.858 1.142

(0.335) (0.396) (0.205) (0.222) (0.216) (0.196) (0.149) (0.196)

WfH × Child ≤10 0.855 0.452** 0.888 0.794 2.086*** 1.196 1.214 1.399

(0.285) (0.147) (0.243) (0.206) (0.572) (0.320) (0.316) (0.401)

Panel B: By age groups

Flextime at office 1.453*** 0.979 1.116 1.122 1.561*** 1.145 1.081 1.426**

(0.197) (0.148) (0.144) (0.148) (0.214) (0.177) (0.136) (0.217)

Flextime × Aged 37–48 0.944 1.121 1.059 0.948 1.030 0.995 1.131 0.834

(0.157) (0.195) (0.160) (0.147) (0.174) (0.187) (0.178) (0.151)

Flextime x Aged 49–65 0.976 1.033 0.913 0.963 0.749 1.032 0.972 0.822

(0.158) (0.178) (0.141) (0.150) (0.135) (0.208) (0.162) (0.155)

WfH 2.074*** 1.236 1.558 1.957*** 1.792** 1.413 1.122 1.626*

(Continued )
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Table 3. (Continued.)

Females Males

Job sat. Life sat. Leisure sat. Mental health Job sat. Life sat. Leisure sat. Mental health

(1) (2) (3) (4) (5) (6) (7) (8)

(0.540) (0.419) (0.421) (0.479) (0.485) (0.352) (0.263) (0.442)

WfH × Aged 37–48 0.841 1.385 0.729 0.533** 1.059 0.620 0.937 0.752

(0.279) (0.523) (0.219) (0.147) (0.344) (0.201) (0.277) (0.245)

WfH × Aged 49–66 1.049 1.245 0.774 0.629 0.539* 0.790 0.570* 0.605

(0.367) (0.533) (0.270) (0.193) (0.201) (0.282) (0.189) (0.221)

Panel C: By income levels

Flextime at office 1.482*** 1.020 1.172* 1.174* 1.235** 1.105 1.094 1.102

(0.137) (0.107) (0.106) (0.104) (0.123) (0.126) (0.103) (0.108)

Flextime × Low income 0.926 1.012 0.891 0.885 1.332** 1.073 1.015 1.313**

(0.104) (0.120) (0.0961) (0.0977) (0.178) (0.157) (0.129) (0.168)

WfH 2.007*** 1.587** 1.287 1.449** 1.466** 0.991 0.891 1.248

(0.356) (0.336) (0.209) (0.234) (0.234) (0.184) (0.134) (0.193)

WfH × Low income 0.955 0.845 1.005 0.835 0.893 1.381 1.139 0.900

(0.322) (0.268) (0.267) (0.218) (0.258) (0.374) (0.330) (0.263)

Notes: The table shows the BUC estimates based on equation (1). Control variables are equivalent to Fig. 1. Standard errors clustered at the individual level in parentheses.
*** p < 0.01, **p < 0.05, *p < 0.1.
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enjoyed by non-parents who enjoy flexibility in managing their professional and
personal lives, the advantage associated with the increased flexibility may be
counteracted by potential drawbacks, such as irregular working hours (e.g., evening
shifts) for parents. These irregular hours not only reduce leisure time but also raise
conflicts between the job and the private sphere. In contrast, male flexible workers
with young children tend to benefit more from flexible working than their
counterparts, although the difference is significant only in terms of job satisfaction.

Furthermore, I perform a heterogeneous analysis based on age, dividing individuals
into three groups using tertiles (Figs A3 for females and A4 for males): the youngest
cohort (20–36 years old), the middle-aged cohort (37–48 years old), and the oldest
cohort (49–66 years old). The positive effect of WfH on women’s mental health is
mainly driven by the youngest cohort. On the other hand, among males, the oldest
cohort of remote workers reports lower job satisfaction and leisure satisfaction.

Finally, the heterogeneous analysis by income groups is shown in Figs A5 and A6 for
females and males, respectively. The low-income group is represented by those
employees with a household net income below the sample median (i.e., £3,300).
There are no heterogeneous effects by income groups in the female sample. By
contrast, men with flexible schedules report high levels of job satisfaction and mental
well-being, particularly in households with lower-income levels. Individuals with
lower household incomes may place a higher value on flexible schedules for several
factors. For example, individuals with limited financial resources may find greater
utility in flexible schedules as they facilitate the management of responsibilities
outside of work, such as childcare and household. In contrast, individuals from
higher-income households may have the option to delegate such tasks to others,
thereby reducing their reliance on flexible scheduling for balancing work and
personal obligations.

6. Discussion and conclusion

In light of the growing importance of well-being in the context of employment and the
evolving landscape of flexible work arrangements, this paper aims to contribute to the
existing literature by investigating the relationship between flexible working and worker
well-being, with a specific focus on job satisfaction, life satisfaction, leisure satisfaction,
and mental health indicators.

Flexible work arrangements are important in current policy debates about working
conditions experienced during the COVID-19 pandemic and the combination of work
and private life. Despite their importance, there is little research on how these
arrangements shape workers’ well-being and importantly, how these effects vary with
workers’ characteristics.

This paper comprehensively explains how two flexible work arrangements, flextime
and WfH, can impact worker well-being and contribute to informed decision-making
for individuals and firms alike. Results suggest that male workers would benefit from
flexible schedules in terms of job satisfaction and mental health, while female
workers only in terms of job satisfaction. On the other hand, females WfH report a
great increase in all the well-being measures, especially in terms of job satisfaction,
life satisfaction, and mental health. However, for male workers, WfH leads to greater
job satisfaction.

Flexible working may enhance job satisfaction through many mechanisms. First, it
improves the fit between paid work and other activities (Possenriede and Plantenga,
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2014). Second, it allows employees to work during times more suited to their personal
needs and more productive for themselves, potentially decreasing work- and
commuting-related stress (Moen et al., 2016). Third, flexible working may signal
employees that their employers trust them and care about their well-being (Casper
and Harris, 2008).

Furthermore, results shed light on the gendered aspects of flexible working. With
women often bearing a disproportionate burden of household and childcare
responsibilities (Del Boca et al., 2022), remote work may offer significant benefits to
women by facilitating better work–life balance and enabling increased time spent
with children, which can positively impact their life satisfaction (Nomaguchi et al.,
2005).

Additionally, flexible working arrangements afford workers greater control over their
time commitments, which may lower the risk of developing depression and anxiety
(Griffin et al., 2002). Moreover, reduced commuting time associated with
home-based work may improve workers’ psychological health. Consistently with my
findings that show greater benefit from remote work for women than for men, a
previous study shows that women’s psychological health is adversely affected by
commuting time while men’s is not (Roberts et al., 2011).

Considering the established correlation between heightened workers’ satisfaction and
favorable workplace outcomes – including reduced turnover rates, decreased
absenteeism, and heightened worker productivity (Bubonya et al., 2017; Oswald
et al., 2015; Clark et al., 2012; Clark, 2001; Akerlof, 1986; Freeman, 1978) – the
elevated levels of satisfaction resulting from flexible working carry advantageous
implications for both employers and employees alike. Moreover, promoting flexible
work arrangements could yield substantial cost savings in healthcare through the
positive impact on mental health. It is particularly relevant in the UK, where mental
healthcare expenditure represents a significant portion of GDP (10.2% in 2019;
World Health Organization, 2019).

The main limitation of this analysis is the difficulty in providing strong causal
evidence on the relationship between flexible working and workers’ well-being in the
absence of an exogenous variation in flexible working. Although the fixed-effects
model accounts for the common concern of unobservable time-invariant
heterogeneity, it may not fully control for some events affecting workers’ well-being
and their likelihood of flexible working, driving the results. Therefore, I control for
various covariates capturing random events, such as changing jobs, marital status,
and parenting status. Further, the results are robust to additional analyses that take
into account unobserved regional trends, career changes, employees dropping out of
flexible working, partner characteristics, and seasonal trends. Finally, the Oster test
provides even more credibility to the paper’s findings.

Future research might seek to identify a flexible working policy that would address
this limitation, possibly providing an exogenous variation in flexible working
conditions. For instance, a national policy that makes some employees work from
home or have flexible schedules without affecting their well-being in other ways, as,
unfortunately, the WfH policy adopted during the COVID-19 pandemic has done.
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Appendix A:

Figure A1. Women: odds ratio of flextime at the office, WfH on well-being by parental status.
Notes: The effects on parents are calculated through the lincom command in Stata, which computes point
estimates and confidence intervals for linear combinations of coefficients displayed as odds ratio.
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Table A1. Definition of variables

Variable Definition

Flextime at office Variable of interest: office based work with flexible schedule

WfH Variable of interest: home base work with flexible schedule

Personal characteristics

Age Respondent’s age

Highest qualification
obtained

From 1 (Degree) to 6 (No qualification)

Year Interview year

General health Self-reported general health from 1 (poor) to 5 (excellent)

Physical health Physical health limiting work from 1 (all of the time) to 5 (none of
the time)

Married Married

Job characteristics

Working hours Usual hours per week in main job

Private Private sector

Labor income Net labor income per month

Union Union present in respondent’s workplace

Occupational class Five Class NS-SEC from 1 (management and professional) to 5
(semi-routine and routine)

Firm size From 1 (1–2 employees) to 9 (1000 or more employees)

Commuting Minutes spent traveling to work by quartiles

Same employer Working continuously with the same employer since interview

Family characteristics

Child 0–2 Binary: youngest child aged 0–2 years old

Child 3–4 Binary: youngest child aged 3–4 years old

Child 5–10 Binary: youngest child aged 5–10 years old

Child 11–15 Binary: youngest child aged 11–15 years old

Urban Binary: living in a urban area

England Country of residence

Wales Country of residence

Scotland Country of residence

Northern Ireland Country of residence
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Table A2. Pearson correlations for outcomes and some relevant control variables

Female Job sat. Life sat.
Leisure
sat.

Mental
health Age

Highest
qual. Married

Working
hours

Low labor
income Private

Same
employer

Comm.
time Union

Urban
area Child≤10

Job sat. 1

Life sat. 0.2583* 1

Leisure sat. 0.2110* 0.5500* 1

Mental
health

0.3353* 0.4825* 0.3369* 1

Age 0.0381* −0.0214* 0.0181* 0.0246* 1

Highest qual. 0.0321* −0.0887* −0.0024 −0.0092 0.2056* 1

Married 0.0451* 0.1114* 0.0112 0.0656* 0.3043* −0.0116 1

Working
hours

−0.0167* −0.0012 −0.1063* 0.0006 −0.1051* −0.2008* −0.1354* 1

Low lab. inc. 0.0023 −0.0699* 0.0407* −0.0163* −0.0237* 0.3815* −0.0261* −0.4481* 1

Private −0.0173* −0.0523* −0.0200* 0.0071 −0.1451* 0.2194* −0.0879* −0.0285* 0.1884* 1

Employer −0.0466* 0.0070 0.0095 0.0022 0.2329* 0.0350* 0.1012* 0.0402* −0.0787* −0.0857* 1

Commuting −0.0690* −0.0016 −0.0615* −0.0334* −0.0591* −0.2175* −0.0631* 0.1828* −0.2484* −0.0384* −0.0308* 1

Union −0.0255* 0.0390* −0.0023 −0.0093 0.0727* −0.1484* 0.0621* 0.0843* −0.1821* −0.5472* 0.1139* 0.0321* 1

Urban area −0.0356* −0.0224* −0.0135 −0.0174* −0.0768* −0.0049 −0.0697* 0.0369* −0.0121 0.0152* −0.0206* 0.0250* 0.0260* 1

Child ≤10 0.0062 0.0302* −0.0811* −0.0047 −0.3045* −0.0870* 0.1443* −0.2134* 0.0866* 0.0158* −0.0755* −0.0242* −0.0076 0.0142 1

Male Job sat. Life sat.
Leisure
sat.

Mental
health Age

Highest
qual. Married

Working
hours

Low labor
income Private

Same
employer

Comm.
time Union

Urban
area Child≤10

Job sat. 1

Life sat. 0.3065* 1

Leisure sat. 0.2578* 0.5281* 1

0.3565* 0.4955* 0.3054* 1
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Mental
health

Age 0.0071 0.0006 0.0304* 0.0029 1

Highest qual. −0.0102 −0.0591* −0.0114 0.0283* 0.1849* 1

Married 0.0221* 0.0896* −0.0496* 0.0181* 0.3928* −0.0100 1

Working
hours

0.0026 0.0135 −0.1272* 0.0050 −0.0176* −0.0026 0.0754* 1

Low lab. inc. −0.0608* −0.0984* 0.0145 −0.0056 −0.1082* 0.2627* −0.2287* −0.3016* 1

Private −0.0158 −0.0263* −0.0369* 0.0428* −0.0480* 0.1933* −0.0285* 0.1304* 0.0737* 1

Employer −0.0583* 0.0124 0.0004 −0.0206* 0.1755* 0.0146 0.1033* 0.0635* −0.1332* −0.0439* 1

Commuting −0.0056 0.0013 −0.0553* −0.0274* 0.0220* −0.1929* 0.0542* 0.0411* −0.1725* −0.0492* −0.0377* 1

Union −0.0237* 0.0058 0.0240* −0.0390* 0.0730* −0.0341* 0.0473* −0.0738* −0.0872* −0.4679* 0.1009* −0.0087 1

Urban area −0.0208* −0.0114 −0.0071 −0.0006 −0.1002* −0.0423* −0.0808* −0.0433* 0.0085 −0.0422* 0.0060 0.0361* 0.0577* 1

Child≤10 0.0202* 0.0411* −0.1259* −0.0048 −0.1860* −0.0871* 0.2882* 0.0635* −0.1129* 0.0129 −0.0053 0.0276* −0.0167 0.0057 1

Notes: A star refers to 5% significant level or better.

Journal
of

D
em

ographic
Econom

ics
615

use, available at https://w
w

w
.cam

bridge.org/core/term
s. https://doi.org/10.1017/dem

.2024.16
D

ow
nloaded from

 https://w
w

w
.cam

bridge.org/core. IP address: 3.149.24.177, on 12 M
ar 2025 at 03:12:16, subject to the Cam

bridge Core term
s of

https://www.cambridge.org/core/terms
https://doi.org/10.1017/dem.2024.16
https://www.cambridge.org/core


Table A3. Transition matrix of flexible working by gender

t/t + 1 Not flexibility Flextime at office WfH

Panel A: Females

Not flexibility 60.8% 37.6% 1.6%

Flextime at office 24.5% 70.4% 5.1%

WfH 8.8% 41.7% 49.5%

Panel B: Males

Not flexibility 65.9% 31.8% 2.3%

Flextime at office 27.8% 65.1% 7.2%

WfH 11.9% 34.3% 53.9%
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Table A4. Correlations of transition in flexible working and changes in some relevant observable characteristics

Transition in/out Flexibility Child Marriage
Physical
health

Self
health

Working
hours Private Firm size

Low
labor
inc.

Occ.
class Employer Commuting Union Urban

Female

Flexibility 1

Having a child −0.0101 1

Marriage 0.0085 0.0496* 1

Physical health 0.0081 −0.0172 −0.0061 1

Self health −0.0090 −0.0189* 0.0269* 0.0823* 1

Working hours 0.0572* 0.0275* 0.0302* −0.0129 0.0050 1

Private 0.0429* 0.0151* 0.0214* −0.0034 0.0031 0.0215* 1

Firm size −0.0422* 0.0020 −0.0256* −0.0176 −0.0036 −0.0945* −0.2524* 1

Low labor inc. 0.0259* 0.0187* −0.0125 0.0568* 0.0218* 0.0521* 0.1884* −0.2628* 1

Occ. class 0.0258* −0.0105 −0.0261* 0.0614* 0.0074 0.0596* 0.2139* −0.2093* 0.4959* 1

Employer −0.0725* −0.0125 −0.0164 −0.0063 −0.0215* −0.1923* −0.0857* 0.0822* −0.0787* −0.0620* 1

Commuting −0.0037 0.0125 −0.0049 −0.0344* −0.0022 −0.0135 −0.0715* 0.2149* −0.2590* −0.2647* −0.0268* 1

Union −0.0609* 0.0095 −0.0202* 0.0095 0.0031 −0.0567* −0.5472* 0.3824* −0.1821* −0.1536* 0.1139* 0.0677* 1

Urban area 0.0021 0.0130 −0.0005 −0.0096 0.0171 −0.0028 0.0152* 0.0809* −0.0121 −0.0005 −0.0206* 0.0159* 0.0260* 1

(Continued )
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Table A4. (Continued.)

Transition in/out Flexibility Child Marriage
Physical
health

Self
health

Working
hours Private Firm size

Low
labor
inc.

Occ.
class Employer Commuting Union Urban

Males

Flexibility 1

Having a child 0.0060 1

Marriage 0.0212* 0.0450* 1

Physical health −0.0215* −0.0132 −0.0323* 1

Self health 0.0142 −0.0228* 0.0039 0.0589* 1

Working hours 0.0690* −0.0034 0.0225* −0.0175 0.0049 1

Private 0.0444* 0.0096 0.0064 0.0284* 0.0476* 0.0250* 1

Firm size 0.0160 0.0077 0.0025 −0.0167 −0.0191 −0.0946* −0.2134* 1

Low labor inc. 0.0009 −0.0397* −0.0177 0.1052* 0.0588* 0.0693* 0.0737* −0.2131* 1

Occ. class −0.0637* −0.0287* −0.0103 0.1157* 0.0534* −0.0021 0.2027* −0.1691* 0.3856* 1

Employer −0.0749* −0.0206* −0.0170 0.0101 −0.0136 −0.1553* −0.0439* 0.0665* −0.1332* −0.0438* 1

Commuting 0.0164 0.0051 −0.0043 −0.0227* −0.0241* −0.0229* −0.0783* 0.2057* −0.1976* −0.2580* −0.0453* 1

Union −0.0434* −0.0033 −0.0215* 0.0100 −0.0166 −0.0785* −0.4679* 0.3700* −0.0872* −0.0183* 0.1009* 0.0311* 1

Urban area 0.0228* 0.0016 0.0105 0.0009 −0.0191 −0.0091 −0.0422* 0.1073* 0.0085 −0.0250* 0.0060 0.0468* 0.0577* 1

Notes: A star refers to 5% significant level or better.
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Table A5. Flextime at the office, WfH, and employees’ well-being

Job sat. Life sat. Leisure sat. Mental health

Linear FE BUC (OR) Linear FE BUC (OR) Linear FE BUC (OR) Linear FE BUC (OR)

(1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Females

Flextime at office 0.194*** 1.416*** 0.00705 1.026 0.0574 1.097 0.189 1.095

(0.0388) (0.0978) (0.0329) (0.0689) (0.0391) (0.0688) (0.127) (0.0697)

WfH 0.345*** 1.949*** 0.130** 1.495** 0.117 1.260* 0.576** 1.336**

(0.0780) (0.304) (0.0631) (0.255) (0.0756) (0.174) (0.258) (0.177)

Oster δ for β1 = 0 34.2 2.0 7.4 3145.8

Oster δ for β2 = 0 38.9 55.3 −36.4 −15.2

Observations 15,632 12,960 15,620 11,735 15,624 13,517 15,594 14,588

Panel B: Males

Flextime at office 0.193*** 1.437*** 0.0571 1.155* 0.0567 1.110 0.359*** 1.277***

(0.0418) (0.111) (0.0383) (0.0939) (0.0414) (0.0770) (0.133) (0.101)

WfH 0.219*** 1.499*** 0.0503 1.106 −0.0417 0.927 0.364 1.277*

(0.0686) (0.213) (0.0613) (0.169) (0.0735) (0.122) (0.271) (0.189)

Oster δ for β1 = 0 19.4 10.1 4.4 30.2

Oster δ for β2 = 0 124.9 18.0 −3.2 −8.5

Observations 11,366 9,582 11,359 8,438 11,364 9,973 11,342 10,530

Notes: Linear FE estimates and BUC estimates based on equation (1) refer to separate estimations for male and female employees. All equations include year fixed effects, demographic controls
(age, highest qualification obtained, general health, physical health limiting work, marital status), job characteristics (working hours, private sector, firm size, presence of a union, commuting
time, labor income, changing employer dummy, occupational class), and family characteristics (having children by four age groups based on the school system, living in a city, region of
residence). Standard errors clustered at the individual level in parentheses.
***p < 0.01, **p < 0.05, *p < 0.1.
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Table A6. Step-by-step inclusion of controls in the regression

Panel A: Females (1) (2) (3) (4) (5) (6)

Job satisfaction

Flextime at office 1.280*** 1.491*** 1.490*** 1.454*** 1.424*** 1.416***

(0.0462) (0.0955) (0.0951) (0.0948) (0.0993) (0.0978)

WfH 1.467*** 2.053*** 2.014*** 1.961*** 1.959*** 1.949***

(0.0983) (0.261) (0.257) (0.252) (0.309) (0.304)

Observations 17,371 14,738 14,738 14,535 12,963 12,960

Life satisfaction

Flextime at office 1.209*** 1.067 1.075 1.048 1.024 1.026

(0.0440) (0.0680) (0.0679) (0.0663) (0.0690) (0.0689)

WfH 1.373*** 1.286* 1.289* 1.295* 1.483** 1.495**

(0.0932) (0.170) (0.171) (0.184) (0.252) (0.255)

Observations 17,358 13,374 13,374 13,174 11,738 11,735

Leisure satisfaction

Flextime at office 1.203*** 1.109* 1.096 1.076 1.101 1.097

(0.0408) (0.0665) (0.0657) (0.0645) (0.0697) (0.0688)

WfH 1.037 1.272** 1.215* 1.242* 1.217 1.260*

(0.0680) (0.147) (0.143) (0.147) (0.171) (0.174)

Observations 17,360 15,275 15,275 15,083 13,519 13,517

Mental health

Flextime at office 1.175*** 1.120* 1.149** 1.097 1.097 1.095

(Continued )
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Table A6. (Continued.)

Panel A: Females (1) (2) (3) (4) (5) (6)

(0.0401) (0.0666) (0.0677) (0.0666) (0.0705) (0.0697)

WfH 1.117* 1.263** 1.348*** 1.298** 1.331** 1.336**

(0.0742) (0.145) (0.156) (0.152) (0.177) (0.177)

Observations 17,321 16,357 16,357 16,164 14,591 14,588

Individual FE ✓ ✓ ✓ ✓ ✓

Year FE ✓ ✓ ✓ ✓

Demographic controls ✓ ✓ ✓

Job controls ✓ ✓

Family controls ✓

Panel B: Males (1) (2) (3) (4) (5) (6)

Job satisfaction

Flextime at office 1.280*** 1.491*** 1.490*** 1.454*** 1.424*** 1.416***

(0.0462) (0.0955) (0.0951) (0.0948) (0.0993) (0.0978)

WfH 1.467*** 2.053*** 2.014*** 1.961*** 1.959*** 1.949***

(0.0983) (0.261) (0.257) (0.252) (0.309) (0.304)

Observations 17,371 14,738 14,738 14,535 12,963 12,960

Life satisfaction

Flextime at office 1.209*** 1.067 1.075 1.048 1.024 1.026

(0.0440) (0.0680) (0.0679) (0.0663) (0.0690) (0.0689)

WfH 1.373*** 1.286* 1.289* 1.295* 1.483** 1.495**

(Continued )
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Table A6. (Continued.)

Panel B: Males (1) (2) (3) (4) (5) (6)

(0.0932) (0.170) (0.171) (0.184) (0.252) (0.255)

Observations 17,358 13,374 13,374 13,174 11,738 11,735

Leisure satisfaction

Flextime at office 1.203*** 1.109* 1.096 1.076 1.101 1.097

(0.0408) (0.0665) (0.0657) (0.0645) (0.0697) (0.0688)

WfH 1.037 1.272** 1.215* 1.242* 1.217 1.260*

(0.0680) (0.147) (0.143) (0.147) (0.171) (0.174)

Observations 17,360 15,275 15,275 15,083 13,519 13,517

Mental health

Flextime at office 1.175*** 1.120* 1.149** 1.097 1.097 1.095

(0.0401) (0.0666) (0.0677) (0.0666) (0.0705) (0.0697)

WfH 1.117* 1.263** 1.348*** 1.298** 1.331** 1.336**

(0.0742) (0.145) (0.156) (0.152) (0.177) (0.177)

Observations 17,321 16,357 16,357 16,164 14,591 14,588

Individual FE ✓ ✓ ✓ ✓ ✓

Year FE ✓ ✓ ✓ ✓

Demographic controls ✓ ✓ ✓

Job controls ✓ ✓

Family controls ✓

Standard errors clustered at the individual level in parentheses.
*** p < 0.01, ** p < 0.05, *p < 0.1.
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Figure A2. Men: odds ratio of flextime at the office, working from home on well-being by parental status.
Notes: The effects on parents are calculated through the lincom command in Stata, which computes point
estimates and confidence intervals for linear combinations of coefficients displayed as odds ratio.

Figure A3. Women: odds ratio of flextime at the office, WfH on well-being by age groups.
Notes: Individuals are divided into three age groups according to tertiles: the youngest cohort (20–36 years old),
the middle-aged cohort (37–48 years old), and the oldest cohort (49–66 years old). The effects on the
middle-aged cohort and the oldest are calculated through the lincom command in Stata, which computes
point estimates and confidence intervals for linear combinations of coefficients displayed as odds ratio.
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Figure A4. Men: odds ratio of flextime at the office, working from home on well-being by age groups.
Notes: Individuals are divided into three age groups according to tertiles: the youngest cohort (20–36 years old),
the middle-aged cohort (37–48 years old), and the oldest cohort (49–66 years old). The effects on the
middle-aged cohort and the oldest are calculated through the lincom command in Stata, which computes
point estimates and confidence intervals for linear combinations of coefficients displayed as odds ratio.

Figure A5. Women: odds ratio of flextime at the office, WfH on well-being by income groups.
Notes: The low-income group reports a household net income under the sample median, £3,500. The effect on
the low-income group is calculated through the lincom command in Stata, which computes point estimates and
confidence intervals for linear combinations of coefficients displayed as odds ratio.
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Figure A6. Men: odds ratio of flextime at the office, working from home on well-being by income groups.
Notes: The low-income group reports a household net income under the sample median, £3,500. The effect on
the low-income group is calculated through the lincom command in Stata, which computes point estimates and
confidence intervals for linear combinations of coefficients displayed as odds ratio.
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